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Fig.1 Key indicators for monitoring in different locations
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Table 2 Report of studies on cattle daily behavior recognition
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Table 3 Report of studies on cattle daily behavior characteristics application
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Fig.2 Fixing the accelerometer on the tail of the cow
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Fig. 3 Model of cattle behavior recognition based on wearable sensors
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Research Progress of Cattle Behavior Recognition

Based on Wearable Sensors

LI Yongfeng', WANG Wensheng'?* , GUO Leifeng'”, SHU Hang', XU Beibei', QI Jingwei®

(1. Agricultural Information Institute, Chinese Academy of Agriculture Science s Haidian s Beijing 100081 ,China ;

2. Information Center , Ministry of Agriculture and Rural Affairs ,Chaoyang »Beijing 100125,China ;
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Abstract: The behavioral information of individual livestock is a key indicator for evaluating animal

welfare and sustainable livestock farming. Real-time, accurate, and efficient animal daily behavior recogni-

tion, reproduction early warning and disease detection are important contents of precision livestock farm-

ing. Wearable sensors are widely used to monitor individual animal behavior. Taking cattle as an example,

this paper reviews the research status of different types of wearable sensors in recognizing daily behaviors

including feeding, rumination, drinking, exercise, and resting, and elaborates the application of daily be-

havior characteristics in estrus, calving, lameness, and disease detection. On this basis, combined with the

development and practical needs of sensor networks, the current problems and future development trends

of wearable sensors are analyzed so that it can provide a reference for further studies on the automatic mo-

nitoring and recognition of cattle behaviors.

Key words: precision livestock farming; wearable sensors; behavior recognition; machine learning



